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Overview UCB Momentum Q-learning

e Analyze the benefits of adding a momentum term to Q-learning in the episodic setting. Tdea add a ( ogats e) | ‘ ‘ Cthe b [ A £ al 2011]
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e UCBMQ algorithm with regret bound that scales linearly with the number of states S.
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» Tabular MDP: H horizon, S states, A actions, p,(s’|s, a) unknown
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