Active multiple matrix completion with adaptive confidence sets
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GOAL: Actively complete multiple matrices
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NEW: Adapts to unknown complexity

OPTIMAL: We give matching lower bound.

GENERALIZABLE: When adaptive confidence sets exist. Algorithm 2 NewSamples (k, T')
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How good is this?
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rank 7, dimension d: U € R¥*", V € R"*¢.
entries ~ N(0,02 = r~1/2), noise (0,0 = 0.1)
dir. = d =200, K =10, r; =40 and r; = 10 for the rest

rank r, dimension d: U € R¥*" V € R"*4;
entries ~ N(0,02 = r=1/2), noise (0,0 = 0.1)
dy = d = 200, K = 15, 1), = 18 + 0.0015k*




