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Natural graphs from social networks

• people and their
interactions

• structure is rather a
phenomena

• typical ML tasks

– advertising

– link prediction (PYMK)

– find influential sources

Social ME-dia

Facebook-f

like ME!

Twitter

listen to ME!

LINKEDIN-IN

hire ME!

Youtube

watch ME!

Stumbleupon

find ME!

Pinterest-P

show ME!

Reddit-alien

vote for ME!

Blogger-B

agree with ME!

TUMBLR

accept ME!

• •

look at ME!
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Success story #1 Product placement -
problem

A

B

C

F

E

D

Who should get free cell phones?
V = {Alice,Bob,Charlie,Dorothy,Eric,Fiona}
F (S) = Expected number of people influenced when targeting
S ⊆ V under some propagation model - e.g., cascades

How would you choose the target customers?
highest degree, close to the center, . . .

Maximizing the Spread of Influence through a Social Network
http://www.cs.cornell.edu/home/kleinber/kdd03-inf.pdf
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